Learning Fluid Flow Visualizations from In-Flight Images with Tufts
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1. Install tufts and fly an aerial system.
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2. While flight, take image streams of tufts. : | Segmentation of Tufts

E. Key Take Aways

3. Apply semantic segmentation.

Probabilistic approaches facilitate the
learning process without requiring any
manual annotations of semantic
segmentation masks for real-world
applications of Al4Science domain.

4. Visualization of flow topology.

This is advantageous because:

Stratosphere

e Automation brings flexibility,
reproducibility, lack of human bias, and
scalability to vast number of images and
tufts per image.

e Augments wind tunnel testing and o
numerical simulations like CFDs. L UAV's wing
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